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REDTXFIFHR/NLP XRVAHIC3 DD BERT E7J/)LZO— R L. NASDAQ kw7 10 ¥ D MEHTRAE R
RONELARNILOREBEERIFLE LT

DR 1) Tk “sentiment_analysis_spark. py FInBERT ETIILZEA L THDFSAD LS > XU T %4
BL. RORICRTLSIC. BEMN. PN, BENBRELT Y b EERLET,

-bash-4.2$ time ~/anaconda3/bin/spark-submit

--packages com.johnsnowlabs.nlp:spark-nlp 2.12:3.4.3

—--master yarn

-—executor-memory 5g

—-—executor-cores 1

--num-executors 160

-—-conf spark.driver.extraJdJavaOptions="-Xssl0m -XX:MaxPermSize=1024M"
--conf spark.executor.extradavaOptions="-XsslOm -XX:MaxPermSize=512M"
/sparkusecase/tr-4570-nlp/sentiment analysis spark.py
hdfs:///datal/Transcripts/

> ./sentiment analysis hdfs.log 2>&l1

reall3ml4.300s

user557mll.319s

sys4m4d7.676s

RDFKIE. 2016 FEH5 2020 FXTD NASDAQ b v 7 10 BEDNFHMEDXEL NILDORREDHZRLT
WE9o

5% £104 AAPL  AMD 7XYJ> CSCO  4—4)L INTC <~ 0 NVDA
rEs V7 b

Ty 7447 1567 743 290 682 826 824 904 417

firho 64067 6856 7596 5086 6650 5914 6099 5715 6189
>k

<1+ 1787 253 213 84 189 97 282 202 89
Ak

SESh 196 0 0 76 0 0 0 1 0
TLAL

Ed

G5t 73497 8676 8552 5536 7521 6837 7205 6822 6695
)

/\° YT —UTRZE. CEO® CFOWELIEXEDIFEALIZERICEDWVWTED, LIch > THIIW

BRBZEZATVET, J&%Jﬁﬁﬁ Tld. 7TV R MIBENTIZEENLRIBZERSAREIEDDH 5B/’
L&Y, 3."\737'—1’ TELRBRS T« THRED. BEIEAXLIEBHOKMICEDLSBREEEZEZ 5Dz
EEMICETSICHET ZMENDD T,

KDFIE. NASDAQ EfI 10 HOXEBLARILDORERIEDPREN—E Y T—STRLIEDHD T,
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RIEDE 2104t AAPL  AMD 7YV>» CSCO -7 INTC Y20 NVDA
a V7 k
RIF+4 1013% 18.06% 8.69% 5.24% 9.07% 12.08% 11.44% 13.25% 6.23%

== 8717% 79.02% 88.82% 91.87% 88.42% 86.50% 84.65% 83.77% 92.44%

ZHF+4 2.43% 2.92% 2.49% 1.52% 2.51% 1.42% 3.91% 2.96% 1.33%
5

*94E  027% 0% 0% 1.37% 0% 0% 0% 0.01% 0%

7 —2 70—RTEMICEAL T, 4.78BFDOKREBEHRXENRE SN E LT 'local E— K% HDFS OO HIERIE
ICBB1T L. NFS ZFR TR TESIC 0.14% OXREHAIERRL F L1

-bash-4.2$ time ~/anaconda3/bin/spark-submit

--packages com.johnsnowlabs.nlp:spark-nlp 2.12:3.4.3

-—-master yarn

-—-executor-memory 5g

--executor-cores 1

-—-num-executors 160

-—-conf spark.driver.extraJavaOptions="-Xssl0m -XX:MaxPermSize=1024M"
--conf spark.executor.extradavaOptions="-XsslOm -XX:MaxPermSize=512M"
/sparkusecase/tr-4570-nlp/sentiment analysis spark.py
file:///sparkdemo/sparknlp/Transcripts/

> ./sentiment analysis nfs.log 2>&l

reall3ml3.149s

user537m50.148s

sys4m46.173s

ROBEICTRTESIC. T—REETILOAFMIBICE D, T—H2AUIB L 58 TensorFlow £ 7 )LESREE DA
FLFELce 7T—270-DRMILZYIIZERIFL—Z V0 FBAETILDOA T YO—RTHD1=H. NFS
ICTF—42%BBET 23 ERTERNADLITNMNIHEINELT:. PSRRIV T R T—2Ey bOHY A X EHEP
JE. NFS DFEH L DEASHICHRD 9,
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Spark NLP Sentiment Analysis End-toEnd Workflow Runtime
(Lower is better)

ves [ o0

Data Location

HDFS 0:13:14.300

0:00:00 0:07:12 0:14:24 0:21:36 0:28:48 0:36:00 0:43:12 0:50:24 0:57:36 1:04:48 1:12:00
hh:mm:ss.sss

Horovod/N\ 7 # —<Y >V RICK DB AL —=>4

ROOAR Y RIE. Sparky S AZNORTEBHRE OV 7 7 AN ZzE—OIOY Y RTERLF LT master:
NN 1 D2OA7%ZHFD 160 ADIJTEF2—R%ZHFED/— R XEVREIS—ZREETZ7DHIC.

EITXEVIE 5 6B ICHIREINE LT €023 28R FELI—AT—AZED python AT UT

FrF—RAEB, ETILNL—Z2J ETIEESEOFEMICOVLTIE.

"keras spark horovod rossmann estimator.pyo

(base) [root@nl38 horovod]# time spark-submit

--master local

-—executor-memory 5g

--executor-cores 1

-—-num-executors 160
/sparkusecase/horovod/keras_ spark horovod rossmann estimator.py
-—epochs 10

-—-data-dir file:///sparkusecase/horovod
--local-submission-csv /tmp/submission 0.csv
--local-checkpoint-file /tmp/checkpoint/

> /tmp/keras spark horovod rossmann estimator local. log 2>&l

10EDOFL—Z2T TRY I TRITSNIRERISRDEED T,

reald43m34.608s
userl2m22.057s
sys2m30.127s
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ANT—2OIE, DNN EFLD FL—=2F BEDFE. TensorFlow F v 7K1 >k EFRERD
CSV 77 A INDEMICIF 43 DIUAEDND K LTce FL—Z T TRy I OH%ZE 10 ICHIRL X LA RIE
KIE TABETIVREZRRT S7DHIC 100 ICRESNZ EHZVTT, FL—ZVITRHEIGERE. T
Ry ZBICHALTEMLET,

RIS, O FZAZRNTHARIEBADDT—H—/—RZ2EBLT. BCRIUT+ZRTLELT. yarn
HDFS DT —XZERT 3 E— I

(base) [root@nl38 horovod]# time spark-submit

—--master yarn

-—executor-memory 5g

--executor-cores 1 --num-executors 160
/sparkusecase/horovod/keras_ spark horovod rossmann_ estimator.py
-—epochs 10

-—data-dir hdfs:///user/hdfs/tr-4570/experiments/horovod
--local-submission-csv /tmp/submission l.csv
--local-checkpoint-file /tmp/checkpoint/

> /tmp/keras spark horovod rossmann estimator yarn.log 2>&l1

fasR e LT RITRMIIROL S ICHESNE LT

real8ml3.728s
user/m48.421s
syslm26.063s

Horovod® 7 )L & SparkD 7 — X MFSLIRIC L D EITERENS.29EM EL XL yarn X “local 10
BEorL—=2>Y IRYIZELE—R, CHRUIFRORICAFlE EHISRENTWEY, “HDFS FLT
‘Local, EM& ¥ 723 TensorFlow DNN EFILD ML —Z> 3. FIBERELRISESIT GPU ZEHAL TE5IC
EBRIETEET, ABIEIDTRAMNEREL. TOEREZSEOFMLA—FTRARITZIFETT,

RDTAKTIE. NFS & HDFS ICHDANT—RDOEITEBZ L L £ L7co AFFA800DNFSAK 12— LA
I&. /sparkdemo/horovod Spark 7 5 XX —HD 5 DD/ —R (XAX—12D, T—H—4D)IIbhf>
To BIEDT X FERFRD AR Y REERTLIEH. —data- dir /NS X—FIENFSY T Y b EIET L SICHRD
FLI:
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(base) [root@nl38 horovod]# time spark-submit

—--master yarn

-—executor-memory 5g

-—executor-cores 1

--num-executors 160
/sparkusecase/horovod/keras spark horovod rossmann estimator.py
-—epochs 10

--data-dir file:///sparkdemo/horovod
--local-submission-csv /tmp/submission 2.csv
--local-checkpoint-file /tmp/checkpoint/

> /tmp/keras spark horovod rossmann estimator nfs.log 2>&l

NFS ZfEA L 1B EDRITEEISRD L SICR D F LT

real 5m46.229s
user 5m35.693s
sys 1m5.615s

ROBENCTRTESIC. THIC143BOEFRIENERELEL. LA > T NetAppA—ILT7Zwv>a X b
L—S% 05 R2—C3 ki 9 3 2 8T BB |d Horovod Spark 7—2 7 O0—D&ERT — A EX EECED X V)
W hNEERTE, B—/— R TERITIZIBEEERL T 75 E0EREERETEXT,

Horovod Spark Workflow Runtime
(Lower is better)

Seconds
0 500 1000 1500 2000 2500 3000

Input data location

NF'S - 346.229

CTRFAINT =XV ADIcDDT 1 —F5—=VTETI

CTRZERAELTBESICHIINALOIAYT—2 3> D XATFLTIE. BRI SEXETHENICHETSE
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21— — ENMETOBERICHIBELHEDCHEEERZZEE I 3XENHD £9, BXOKELER
DHEBEDHEERIE. EBEoN—HIRD LB BT —T5—Z27 ETIICE > THFICEE
TYo. RBDHR<T> Y R—XD=Za2—7F )L v b7 —2 T#H3 Deep Factorization Machine (DeepFM) (.
WHERAORBOET Y Y R BEADT A — 75— 0% HLWZa—FIL Xy I —0 7—FTUF
vICHEAEHETUVWET,

TEROERHAD RIS VIE. FHEDOBEANY MLORBE L TRT7 I IFEHEEERZET/LEL. EREDN
ICIEBRDBERZEIFTET XA, EERICIE. BRFEZBOEMRIE. FFREEA ML —C0E# I VH.
BE. 2 MSHEEEROAEFERALEY, GoogleD&ESHBTA—TZa—JII2y NIT—JDERE"J1 R
&T4—TETIL"—H. BETARETINETa—TETILEHAEHDEZ T, NIy Ry rD
—UVBEICB TR EINBEEDHEBEEREZFEL XY,

CDTARET =T ETIMIRE 2 DDAADBD ET, 1 DIFEBREBZTIF EFTILA. 51217
1 =7 ETIATY, BREDOHDTIHEAL LTEMRICEBIFHI O OZT7 IV IHRBETHD. EDI
DEDFEZMD AN UNI—MRILTECEIIRETT, A RF&T =T ETIEIFELD. DeepFM
¥ DA RBRET « —TEADPECANEEBDIAAND MLeHETZ D BHT>2 =7V JRBLT
TORHMEERAL THENICAL—Z2 T TEXT,

F9'Criteo train.txt (11GB) 77 JLECSVT 7 JLIC “ctr_train.csv’NFSY T > MMIRTE
‘Isparkdemo/tr-4570-data’ €3 L T “run_classification_criteo_spark.py’ 27> 3> 5" enenOFEFEL I —
247 —ZENFD Python 271 7 ko "CHRY 1T FRTIE. B process_input_file' ¥ T & BIBR L THEAT
BIeHDWVWK DOHDXFIAY W RZRFTLET "RKYIDOXFL LT \n'HTELTe TR T 7MILDAH%Z
WIS ZHRENHZCCISEFRLTLIETWV traintxt —ERTI2 . O—RFR JOvIARaX> e LTE
RENE I,

TEIFEFLHDLETILDOUTDT A FTIE. ctr train.csv AJI7 714 LTo TEDERDTRXNEFTT
IE. ASICSVT 7AILIE. KD T4 —IL REEL RF— I % ¥FDSpark DataFramellFiAAEFNE LT
"label ' BB 11, '12', '13', ., 'I13']. BLURN—EE 1'c1r, 'c2r,
'C3', .., 'C26']o XM ‘spark-submit AY > RIFATICSV ZRITEXD . JOXRKLEDT=6IZ 20% 7FEIL
T DeepFM EFIILE L —Z>F L. 10EBD ML —Z>F TRy VBICRBELRETILEERLT. TX b
Ty FTOFRRBEZHELEX T,

(base) [root@nl38 ~]# time spark-submit --master yarn --executor-memory 5g
-—executor-cores 1 —--num-executors 160
/sparkusecase/DeepCTR/examples/run classification criteo spark.py --data
-dir file:///sparkdemo/tr-4570-data >
/tmp/run_classification criteo spark local.log 2>&l

T—AR 7 74L& ctr_train.csv 11GB%Z B X 35 & 1. +§J\7§£4’§"§7& RETAIBENHD XY
‘spark.driver.maxResultSize' T — %[BT 3ICIE. T—FEY PO A XEDBHKRELLTEIREDRHD F
EP
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spark = SparkSession.builder \
.master ("yarn") \
.appName ("deep ctr classification") \
.config("spark.jars.packages", "io.github.ravwojdyla:spark-schema-
utils 2.12:0.1.0") \

.config("spark.executor.cores", "1") \
.config('spark.executor.memory', '5gb') \
.config('spark.executor.memoryOverhead', '1500"') \
.config('spark.driver.memoryOverhead', '1500'"') \
.config("spark.sgl.shuffle.partitions", "480") \
.config("spark.sqgl.execution.arrow.enabled", "true") \
.config("spark.driver.maxResultSize", "50gb") \
.getOrCreate ()

+EBICH LT "SparkSession.builder B#11C L 728&7E "77/Vw F 7 O —"I&Spark DataFrame% Pandas
DataFramelcZ#: L £9, 'df.toPandas() /&i%o

22/06/17 15:56:21 INFO scheduler.DAGScheduler: Job 2 finished: toPandas at
/sparkusecase/DeepCTR/examples/run classification criteo spark.py:96, took
627.126487 s

Obtained Spark DF and transformed to Pandas DF using Arrow.

SURLIZREILIE. FL—Z2T T2t v MIIF 3600 BT E. TS Y MIZIZ 900 O
IREENET,

Training dataset size = 36672493
Testing dataset size = 9168124

COEMLAR— MK GPU ZERAETIC CPU TR MIERZEHTTWA S, BYARIAVNAS 7530 %F
LT TensorFlow ZEJLR T B EHRAIRTT, CDRTY T Tk GPU 7ot 3L—>3>y 51475
) DIEH L% [EEE L. TensorFlow @ Advanced Vector Extensions (AVX) & AVX2 fasZ R ARRICER L £
To INHDHEEEIF. RT MIUESINFME. 714 —RF747—FROITHEE. Nvo7aONr— 3>
DNN b L—Z IR EDFABEBERICRTINTULWET, 256 £ v MNEEVNES (FP) LY X2 %=
9% AVX2 THIFRIEEZ: Fused Multiply Add (FMA) @3B id. B O— R 7 —RBICKRETHDH. K 2E
DREMEZHESLEFT, FPOA—RET—REDIFE. AVX2 IFAVX &DH 8% mFbEL £9,

2022-06-18 07:19:20.101478: I
tensorflow/core/platform/cpu feature guard.cc:151] This TensorFlow binary
is optimized with oneAPI Deep Neural Network Library (oneDNN) to use the
following CPU instructions in performance-critical operations: AVX2 FMA
To enable them in other operations, rebuild TensorFlow with the
appropriate compiler flags.
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Y — 25 TensorFlowZ B3R Y 5 1Cid. NetAppld A FZzEHEIT A ZzHRELTVWET, "N\, FhT
S5QRETIE. > 7OYFETROAT VY RZETLTA YA M—)LLF LT dnf. dnf-plugins
. FLTNAE I,

yum install dnf

dnf install 'dnf-command (copr)'
dnf copr enable vbatts/bazel
dnf install bazelb

EILR 7Ot RXHIC C++17 HEEXFR T 5IC1E. GCCH5UMBEEMICT ZHRELHD £9, Zhid. RHEL
IC & o T Software Collections Library (SCL) & L BICIREEINE T, XROOATYVRIFA VI M—ILLET
“devtoolset RHEL 7.9 7 5 X Z—_E® GCC 11.2.1:

subscription-manager repos --enable rhel-server-rhscl-7-rpms
yum install devtoolset-1ll-toolchain
yum install devtoolset-1ll-gcc-c++
yum update
scl enable devtoolset-11 bash
/opt/rh/devtoolset-11/enable

RED2DOMDIATY Y Rl devtoolset-11. #HT S /opt/rh/devtoolset-11/root/usr/bin/gcc
(GCC 11.21) o Ffe gt A= 3> 183 EDAZFTVTT (RHEL7.9 ICHHE) CH5EBRLTI
TV "EEE"EHA git2.24.1 £To

=D TensorFlow Y XARZ— DRI M) Do7O—VHT TICERINTVWSHDERBEL T, RIS,
‘workspace 7 L7 k1) "WORKSPACE'AVX. AVX2. FMA Z{#EH L TY —XH'5 TensorFlow ZEJL K3
272D 7T 71 )L, 1T configure’ 7 7 1 JLZBIZE. IEL L) Python /N1 7 1) DIFFA%EISEL 9, "CUDA"
GPU ZfFAL TWLWAWH. TXFTIFEMNICHR > TWVWET, & bazelrc 7 71 ILIFREICE > TERIN
£9, IHIC. 770 ERELTEREL £ L7 build --define=no_hdfs_support=false’ HDFS #R— k% &
MCLET. BB bazelrc o> avR"FTERI—AT—AZ EDPython A7) 7 R'EREL T 5T DRE
BI)RABMIDOVWTIE. CBE5ZCBLEEL,

./configure
bazel build -c opt --copt=-mavx --copt=-mavx2 --copt=-mfma --copt=
-mfpmath=both -k //tensorflow/tools/pip package:build pip package

FLWISJ%FEALT TensorFlow ZEJLR LTz, MO0V Fr%EFE{TLTCriteo T4« A LAILET
— 2ty &ML, DeepFM ETILE L —Z=>F L. FRAXAT7H S ZEERIEFFERRED T DMEIE
(ROCAUC) #5EBL £ T,
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(base) [root@nl38 examples]# ~/anaconda3/bin/spark-submit
—--master yarn

-—executor-memory 15g

—-—executor-cores 1

--num-executors 160
/sparkusecase/DeepCTR/examples/run classification criteo spark.py
--data-dir file:///sparkdemo/tr-4570-data

> . /run classification criteo spark nfs.log 2>&l

WEDOML—ZYT IRy I TALT—2EYy FOAUC RO7ZEIRL £ L7

Epoch 1/10

125/125 - 7s - loss: 0.4976 - binary crossentropy: 0.4974 - val loss:
0.4629 - val binary crossentropy: 0.4624

Epoch 2/10

125/125 - 1s - loss: 0.3281 - binary crossentropy: 0.3271 - val loss:
0.5146 - val binary crossentropy: 0.5130

Epoch 3/10

125/125 - 1s - loss: 0.1948 - binary crossentropy: 0.1928 - val loss:
0.6166 - val binary crossentropy: 0.6144

Epoch 4/10

125/125 - 1s - loss: 0.1408 - binary crossentropy: 0.1383 - val loss:
0.7261 - val binary crossentropy: 0.7235

Epoch 5/10

125/125 - 1s - loss: 0.1129 - binary crossentropy: 0.1102 - val loss:
0.7961 - val binary crossentropy: 0.7934

Epoch 6/10

125/125 - 1s - loss: 0.0949 - binary crossentropy: 0.0921 - val loss:
0.9502 - val binary crossentropy: 0.9474

Epoch 7/10

125/125 - 1s - loss: 0.0778 - binary crossentropy: 0.0750 - val loss:
1.1329 - val binary crossentropy: 1.1301

Epoch 8/10

125/125 - 1s - loss: 0.0651 - binary crossentropy: 0.0622 - val loss:
1.3794 - val binary crossentropy: 1.3766

Epoch 9/10

125/125 - 1s - loss: 0.0555 - binary crossentropy: 0.0527 - val loss:
1.6115 - val binary crossentropy: 1.6087

Epoch 10/10

125/125 - 1s - loss: 0.0470 - binary crossentropy: 0.0442 - val loss:
1.6768 - val binary crossentropy: 1.6740

test AUC 0.6337

MEIOA—ZT —RERARRIC. Spark 7—20 70— SR L SEFXEBRIGAICHEET ST —R L HBL

26



Lo ROKIE. Spark 7—2 70— SV RALDT1—F5—=27 CTR FRIOLERZTRLTWVWEY,

Scala Spark Aggregation - Throughput MB/Sec
(Higher is better)
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BOIVA—TS5AXT—R B —F. AV TLIRERONT VYo 957
RT. —BELIEERET LN ZBA-RENLET—XBEL— 2B L TEROSEA
VISAMSIUOFYREBEEEGIDANATIYR ITTRTT, NAMTUYR IFTR
EFRARISGERTBICIE. T—2ZBeT7 V=23 >0 7702 00 %1707
IS AV TLEIARBEVNILFIIUVRREBETT — 22— LL AR TEZ2HE
hHbxd,

BEIE. T—2REREDI—RT—ADE=DICEAVAR) A L= 0F5TRICBITIZH. 707
—> 3 VY DevOps BEDES R V) T4 AIINEDBEWTI—IO—REZIS T RIIBITIZHDOWNG
NHOOFETNAT VYR VST ROMDIEAZRIRT B EBRTWVWET, ZDH. KOEBERD—IO—
RICBITLET EDARDOHZNATVYR I5TR J—70—RIZIE. Web BLUV AT UVYDRRT
4 >4, DevOps ELUVT7 TV —a VR, T—ER—X, Ot AT HEEShE=T7TURERHD F
T, INET. BEDOA 7O T FOEMS. OIX . URTIE. RERERED SEHBERMEETD AIEA
ZWHIFCEE LT

NetApp DN TV Y R 50K V)a—2a zfBT3L. BEKIE. IBRE2BOT—2ET7—7

JO0-8E#BE—@I>btO—-)L NXILTHEINEX 2V T T—R ANFVR AVTSATVR
V= ILHh BSBEEEZ TN LREEC. EEBEEICEOSVWTHRAEIX M2 RBETEE T, XORIFZ. BEED
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DHFRDIGAAICHERESNE T, NPS X hL—J1%. AWS B KT Azure (IC#H B Spark & 7=1& Hadoop 7 5 R
A=l N, BROIVTZIVRTRITINDZEY Y T—RWRT7 TV 5—>3 hRICT—RICTIER
TEBLDICBDET, COA—RT—RADELREHEFEIIRDEED TY,

*ERFIEROI SV R ZFERALTEALT—RICH L TARY a T 2T LIEVWEEZITUVET,

TR SFETEBEIUOY—PNTENLT AVTLIRARISURRBEREDTETERY — XD
SRIETIVEDNBDEXT,

* Vo= 3R OERAMNMROBVEDTRITNIERD FH A

* FRFEF. TETFRAVTILIRARBEIIVRRERTNA TV y RO —EX 2R TS, O
A MRS CHENBY V21— a3 2@ RITZLTY,

HHDT—FFRES LUV FISIURERY Va—>a>id. BERONAN—RT—Z—IZ0Z T RDHT

ZNLTRM) =T &N, AWS Spark 75 XA —ICEDIAEZFNE T, T—XIE. Equinix 7T—FE>X—
ADYZ K 7ONAZ—DANERICH S NPS [CHD NFS HBEICFREINE T,

NetApp NPS |&. 121 Direct Connect 3%t & Express Route ##i% /1 L T Amazon AWS ¢ Microsoft
Azure ICEHISNTWVS 1. BEHRIZ In-Place Analytics €2 2 —JL%EA L T. Amazon £ AWS DOlA
DRI ZAR—DET—RICTIVECRATEEXRT, TORER. AV TLIRENPSR ML —CDEA
TONTAPY 7 I T 7HEITEINB 7. "SnapMirror" NPS T—R% AV TL IR VS XZ—ICZT5—1)
VUL AVTLIREEROD VST RICODIZZNAT VYR 5T RDMZRBETETET,

RED/INT =X A%ZBF31HIC. NetAppTIFBER. BEDRY NT—0 AV R2—T 14 AL BEHEERE
7EERIL— b ZFEALTITIUR A VAR VYADNST—RICTIVECRATEZ I ZHRLTVWET, Bl
IEMICHT—RL—N=V ) a—30hHBDET, "XCP'"Z# LT "BlueXPIOE—[EHBENT )7 —
DA HIGETRENDAX MIRIZBNINAT U Y R V5T R Spark V5 XZ—%BETET3L5ICK
EBLET,

FERI—-XT—RXT D Python X7 1) 7k
KD 3 DD Python X7 FhiE. TRMIN3D2O0FERI—-X 5—XITHIGLT

28


https://docs.netapp.com/us-en/ontap/data-protection/snapmirror-replication-concept.html
https://mysupport.netapp.com/documentation/docweb/index.html?productID=63942&language=en-US
https://cloud.netapp.com/cloud-sync-service
https://cloud.netapp.com/cloud-sync-service
https://cloud.netapp.com/cloud-sync-service
https://cloud.netapp.com/cloud-sync-service
https://cloud.netapp.com/cloud-sync-service
https://cloud.netapp.com/cloud-sync-service
https://cloud.netapp.com/cloud-sync-service
https://cloud.netapp.com/cloud-sync-service
https://cloud.netapp.com/cloud-sync-service
https://cloud.netapp.com/cloud-sync-service
https://cloud.netapp.com/cloud-sync-service
https://cloud.netapp.com/cloud-sync-service
https://cloud.netapp.com/cloud-sync-service

WX, ¥7 sentiment analysis sparknlp.pyo

# TR-4570 Refresh NLP testing by Rick Huang

from sys import argv

import os

import sparknlp

import pyspark.sqgl.functions as F

from sparknlp import Finisher

from pyspark.ml import Pipeline

from sparknlp.base import *

from sparknlp.annotator import *

from sparknlp.pretrained import PretrainedPipeline
from sparknlp import Finisher

# Start Spark Session with Spark NLP

spark = sparknlp.start()

print ("Spark NLP version:")

print (sparknlp.version())

print ("Apache Spark version:")

(
(
(
print (spark.version)
spark = sparknlp.SparkSession.builder \
.master ("yarn") \
.appName ("test hdfs read write") \
.config("spark.executor.cores", "1") \
.config("spark.jars.packages", "com.johnsnowlabs.nlp:spark-
nlp 2.12:3.4.3")\
.config('spark.executor.memory', '5gb') \
.config('spark.executor.memoryOverhead', '1000")\
.config('spark.driver.memoryOverhead', '1000")\
.config("spark.sgl.shuffle.partitions"™, "480")\
.getOrCreate ()
sc = spark.sparkContext
from pyspark.sgl import SQLContext
sgl = SQLContext (sc)
sglContext = SQLContext (sc)
# Download pre-trained pipelines & sequence classifier
explain pipeline model = PretrainedPipeline('explain document dl',
lang='en') .model#pipeline sa =
PretrainedPipeline ("classifierdl bertwiki finance sentiment pipeline",
lang="en")
# pipeline finbert =
BertForSequenceClassification.loadSavedModel ('/sparkusecase/bert sequence
classifier finbert en 3', spark)
sequenceClassifier = BertForSequenceClassification \
.pretrained('bert sequence classifier finbert', 'en') \
.setInputCols (['token', 'document']) \
.setOutputCol ('class') \
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.setCaseSensitive (True) \
.setMaxSentencelLength (512)
def process sentence df (data):
# Pre-process: begin
print ("1. Begin DataFrame pre-processing...\n")
print (£"\n\t2. Attaching DocumentAssembler Transformer to the
pipeline™)
documentAssembler = DocumentAssembler () \
.setInputCol ("text") \
.setOutputCol ("document"™) \
.setCleanupMode ("inplace full")
#.setCleanupMode ("shrink", "inplace full")
doc_df = documentAssembler.transform(data)
doc_df.printSchema ()
doc_df.show (truncate=50)
# Pre-process: get rid of blank lines
clean df = doc_df.withColumn ("tmp", F.explode ("document")) \
.select ("tmp.result") .where ("tmp.end !=
-1") .withColumnRenamed ("result", "text") .dropna ()
print ("[OK!] DataFrame after initial cleanup:\n")
clean df.printSchema ()
clean df.show(truncate=80)
# for FinBERT
tokenizer = Tokenizer () \
.setInputCols (['document']) \
.setOutputCol ('token')
print (£f"\n\t3. Attaching Tokenizer Annotator to the pipeline")
pipeline finbert = Pipeline (stages=][
documentAssembler,
tokenizer,
sequenceClassifier
1)
# Use Finisher () & construct PySpark ML pipeline
finisher = Finisher () .setInputCols(["token", "lemma", "pos",
"entities"])
print (£f"\n\t4. Attaching Finisher Transformer to the pipeline")
pipeline ex = Pipeline() \
.setStages ([
explain pipeline model,
finisher
1)
print ("\n\t\t\t -—-—-- Pipeline Built Successfully ----")
# Loading pipelines to annotate
#result ex df = pipeline ex.transform(clean df)
ex model = pipeline ex.fit (clean df)
annotations finished ex df = ex model.transform(clean df)



# result sa df = pipeline sa.transform(clean df)
result finbert df = pipeline finbert.fit(clean df) .transform(clean df)
print ("\n\t\t\t ----Document Explain, Sentiment Analysis & FinBERT
Pipeline Fitted Successfully ----")
# Check the result entities
print ("[OK!] Simple explain ML pipeline result:\n")
annotations finished ex df.printSchema ()
annotations finished ex df.select('text',
'finished entities') .show(truncate=False)
# Check the result sentiment from FinBERT
print ("[OK!] Sentiment Analysis FinBERT pipeline result:\n")
result finbert df.printSchema ()
result finbert df.select('text', 'class.result').show (80, False)
sentiment stats(result finbert df)

return
def sentiment stats(finbert df):
result df = finbert df.select('text', 'class.result')
sa df = result df.select('result')
sa df.groupBy ('result') .count () .show/()

# total lines

# num neutral

result clean df.count ()

result clean df.where(result clean df.result ==

['neutral']) .count ()

# num positive = result clean df.where(result clean df.result ==
['positive']) .count ()

# num negative = result clean df.where(result clean df.result ==
['negative']) .count ()

# print (f"\nRatio of neutral sentiment = {num_neutral/total_lines}")

# print (f"Ratio of positive sentiment {num positive / total lines}")

# print (f"Ratio of negative sentiment
total lines}\n")

return

{num negative /

def process input file(file name) :
# Turn input file to Spark DataFrame
print ("START processing input file...™)
data df = spark.read.text (file name)
data df.show ()
# rename first column 'text' for sparknlp
output df = data df.withColumnRenamed ("value", "text") .dropna/()
output df.printSchema ()
return output dfdef process local dir(directory):
filelist = []
for subdir, dirs, files in os.walk(directory) :
for filename in files:
filepath = subdir + os.sep + filename
print ("[OK!] Will process the following files:")
if filepath.endswith(".txt"):
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def

def

print (filepath)
filelist.append(filepath)
return filelist
process local dir or file(dir or file):
numfiles = 0
if os.path.isfile(dir or file):
input df = process input file(dir or file)
print ("Obtained input df.")
process sentence df (input df)
print ("Processed input df")
numfiles += 1
else:
filelist = process local dir(dir or file)
for file in filelist:
input df = process input file(file)
process sentence df (input df)
numfiles += 1
return numfiles
process hdfs dir(dir name) :
# Turn input files to Spark DataFrame
print ("START processing input HDFS directory...")
data df = spark.read.option ("recursiveFileLookup",

"true") .text (dir name)

data df.show ()

print (" [DEBUG] total lines in data df = ", data df.count())

# rename first column 'text' for sparknlp

output df = data df.withColumnRenamed ("value", "text") .dropna/()
print (" [DEBUG] output df looks like: \n")

output df.show (40, False)

print (" [DEBUG] HDFS dir resulting data df schema: \n")

output df.printSchema ()

process_sentence df (output df)

print ("Processed HDFS directory: ", dir name)
returnif name == "' main ':
try:

if len(argv) ==
print ("Start processing input...\n")
except:
print (" [ERROR] Please enter input text file or path to

process!\n")

exit (1)
# This is for local file, not hdfs:
numfiles = process local dir or file(str(argv[1l]))
# For HDFS single file & directory:
input df = process input file(str(argv([1l]))
print ("Obtained input df.")



process sentence df (input df)

print ("Processed input df")

numfiles += 1

# For HDFS directory of subdirectories of files:

input parse list = str(argv[l]).split('/")

print (input parse list)

if input parse list[-2:-1] == ['Transcripts']:
print ("Start processing HDFS directory: ", str(argv[l]))
process hdfs dir(str(argv[1l]))

print (f" [OK!] All done. Number of files processed = {numfiles}")

2BBDRY ) T bE keras spark horovod rossmann estimator.pyo

Copyright 2022 NetApp, Inc.
Authored by Rick Huang

Licensed under the Apache License, Version 2.0 (the "License");
you may not use this file except in compliance with the License.
You may obtain a copy of the License at

http://www.apache.org/licenses/LICENSE-2.0

Unless required by applicable law or agreed to in writing, software
distributed under the License is distributed on an "AS IS" BASIS,
WITHOUT WARRANTIES OR CONDITIONS OF ANY KIND, either express or implied.
See the License for the specific language governing permissions and
limitations under the License.

H H= FH H H FH H H H H H H H H H

# The below code was modified from: https://www.kaggle.com/c/rossmann-—
store-sales

import argparse

import datetime

import os

import sys

from distutils.version import LooseVersion

import pyspark.sqgl.types as T

import pyspark.sqgl.functions as F

from pyspark import SparkConf, Row

from pyspark.sgl import SparkSession

import tensorflow as tf

import tensorflow.keras.backend as K

from tensorflow.keras.layers import Input, Embedding, Concatenate, Dense,
Flatten, Reshape, BatchNormalization, Dropout
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import horovod.spark.keras as hvd

from horovod.spark.common.backend import SparkBackend

from horovod.spark.common.store import Store

from horovod.tensorflow.keras.callbacks import BestModelCheckpoint

parser = argparse.ArgumentParser (description='Horovod Keras Spark Rossmann
Estimator Example',

formatter class=argparse.ArgumentDefaultsHelpFormatter)
parser.add argument ('--master',
help='spark cluster to use for training. If set to
None, uses current default cluster. Cluster'
'should be set up to provide a Spark task per
multiple CPU cores, or per GPU, e.g. by'
'supplying “-c <NUM GPUS>" in Spark Standalone
mode ")
parser.add argument ('--num-proc', type=int,
help="number of worker processes for training,
default: "spark.default.parallelism ')
parser.add argument ('--learning rate', type=float, default=0.0001,
help='initial learning rate')
parser.add argument ('--batch-size', type=int, default=100,
help='batch size')
parser.add argument ('--epochs', type=int, default=100,
help="'number of epochs to train')
parser.add argument ('--sample-rate', type=float,
help='desired sampling rate. Useful to set to low
number (e.g. 0.01) to make sure that '
'end-to-end process works')
parser.add argument ('--data-dir', default='file://' + os.getcwd(),
help='location of data on local filesystem (prefixed
with file://) or on HDFS')
parser.add argument ('--local-submission-csv', default='submission.csv',
help="'output submission predictions CSV')
parser.add argument ('--local-checkpoint-file', default='checkpoint',
help='model checkpoint')
parser.add argument ('--work-dir', default='/tmp',
help='temporary working directory to write
intermediate files (prefix with hdfs:// to use HDFS)')

if name == ' main ':
args = parser.parse args ()
# ================ #§
# DATA PREPARATION #
# ================ #§
print ('=s=s==============")
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# Create Spark session for data preparation.
conf = SparkConf () \

.setAppName ('Keras Spark Rossmann Estimator Example') \
.set ('spark.sgl.shuffle.partitions', '480"') \

.set ("spark.executor.cores", "1") \

.set ('spark.executor.memory', '5gb') \

.set ('spark.executor.memoryOverhead', '1000")\
.set ('spark.driver.memoryOverhead', '1000")
if args.master:
conf.setMaster (args.master)
elif args.num proc:
conf.setMaster ('local[{}]'.format (args.num proc))
spark = SparkSession.builder.config(conf=conf) .getOrCreate ()
train csv = spark.read.csv('%s/train.csv' % args.data dir,
header=True)
test csv = spark.read.csv('$s/test.csv' % args.data dir, header=True)
store csv = spark.read.csv('%s/store.csv' % args.data dir,
header=True)

store states csv = spark.read.csv('%s/store states.csv' %
args.data dir, header=True)

o

state names csv = spark.read.csv('%s/state names.csv' % args.data dir,

header=True)
google trend csv = spark.read.csv('$s/googletrend.csv' %
args.data dir, header=True)
weather csv = spark.read.csv('%s/weather.csv' % args.data dir,
header=True)
def expand date (df) :
df = df.withColumn ('Date', df.Date.cast(T.DateType()))
return df \
.withColumn ('Year', F.year (df.Date)) \
.withColumn ('Month', F.month (df.Date)) \
.withColumn ('Week', F.weekofyear (df.Date)) \
.withColumn ('Day', F.dayofmonth (df.Date))
def prepare google trend():
# Extract week start date and state.
google trend all = google trend csv \
.withColumn ('Date', F.regexp extract (google trend csv.week,
(.*2) =, 1)) N
.withColumn ('State', F.regexp extract(google trend csv.file,
'Rossmann DE (.*)', 1))
# Map state NI -> HB,NI to align with other data sources.
google trend all = google trend all \
.withColumn ('State', F.when(google trend all.State == 'NI',
'"HB,NI') .otherwise(google trend all.State))
# Expand dates.
return expand date (google trend all)
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def add elapsed(df, cols):
def add elapsed column(col, asc):
def fn (rows):
last store, last date = None, None

for r in rows:

if last store != r.Store:
last store = r.Store
last date = r.Date
if rlcol]:
last date = r.Date

fields = r.asDict () .copy ()
fields[ ('After' if asc else 'Before') + col] = (r.Date
- last date) .days
yield Row (**fields)
return fn
df = df.repartition(df.Store)
for asc in [False, True]:
sort col = df.Date.asc() if asc else df.Date.desc()
rdd df.sortWithinPartitions (df.Store.asc(), sort col).rdd
for col in cols:

rdd = rdd.mapPartitions(add elapsed column(col, asc))
df = rdd.toDF ()
return df
def prepare df (df):
num rows = df.count ()
# Expand dates.
df = expand date (df)

df = df \
.withColumn ('Open', df.Open != '0') \
.withColumn ('Promo', df.Promo !'= '0"') \
.withColumn ('StateHoliday', df.StateHoliday != '0') \
.withColumn ('SchoolHoliday', df.SchoolHoliday !'= '0")

# Merge in store information.

store = store csv.join(store states csv, 'Store')

df = df.join(store, 'Store')

# Merge in Google Trend information.

google trend all = prepare google trend()

df = df.join(google trend all, ['State', 'Year',
'Week']) .select (df['*'], google trend all.trend)

# Merge in Google Trend for whole Germany.

google trend de = google trend all[google trend all.file ==
'Rossmann DE'].withColumnRenamed ('trend', 'trend de')

df = df.join(google trend de, ['Year', 'Week']).select(df['*'],
google trend de.trend de)

# Merge in weather.

weather = weather csv.join(state names csv, weather csv.file ==



state names csv.StateName)
df = df.join(weather, ['State', 'Date'])
# Fix null values.
df = df \
.withColumn ('CompetitionOpenSinceYear',
F.coalesce (df.CompetitionOpenSinceYear, F.1it(1900))) \
.withColumn ('CompetitionOpenSinceMonth',
F.coalesce (df.CompetitionOpenSinceMonth, F.lit(1l))) \
.withColumn ('Promo2SinceYear', F.coalesce (df.Promo2SinceYear,
F.1it (1900))) \
.withColumn ('Promo2SinceWeek', F.coalesce (df.Promo2SinceWeek,
F.1lit(1)))
# Days & months competition was open, cap to 2 years.
df = df.withColumn ('CompetitionOpenSince’,
F.to date(F.format string('%s-%s-15'",
df.CompetitionOpenSinceYear,

df.CompetitionOpenSinceMonth)))
df = df.withColumn ('CompetitionDaysOpen’',
F.when (df.CompetitionOpenSinceYear > 1900,
F.greatest (F.1it(0), F.least(F.lit (360 *
2), F.datediff (df.Date, df.CompetitionOpenSince))))
.otherwise (0))
df = df.withColumn ('CompetitionMonthsOpen',
(df .CompetitionDaysOpen / 30) .cast(T.IntegerType()))
# Days & weeks of promotion, cap to 25 weeks.
df = df.withColumn ('Promo2Since’',
F.expr('date add(format string("%s-01-01",
Promo2SinceYear), (cast (Promo2SinceWeek as int) - 1) * 7)"'))
df = df.withColumn ('Promo2Days',
F.when (df.Promo2SinceYear > 1900,
F.greatest (F.1it (0), F.least(F.lit (25 *
7), F.datediff (df.Date, df.Promo2Since))))
.otherwise (0))
df = df.withColumn ('Promo2Weeks', (df.Promo2Days /
7) .cast (T.IntegerType()))
# Check that we did not lose any rows through inner joins.
assert num rows == df.count(), 'lost rows in joins'
return df
def build vocabulary(df, cols):
vocab = {}
for col in cols:
values = [r[0] for r in df.select(col) .distinct () .collect ()]
col type = type([x for x in values if x is not None] [0])
default value = col type ()
vocab[col] = sorted(values, key=lambda x: x or default value)
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return vocab
def cast columns (df, cols):
for col in cols:
df = df.withColumn (col,
F.coalesce (df[col] .cast (T.FloatType()), F.1it(0.0)))
return df
def lookup columns (df, vocab):
def lookup (mapping) :
def fn(v) :
return mapping.index (v)
return F.udf (fn, returnType=T.IntegerType ())
for col, mapping in vocab.items() :
df = df.withColumn (col, lookup (mapping) (df[col]))
return df
if args.sample rate:
train csv = train csv.sample (withReplacement=False,
fraction=args.sample rate)
test csv = test csv.sample (withReplacement=False,
fraction=args.sample rate)
# Prepare data frames from CSV files.
train df = prepare df(train csv) .cache ()
test df = prepare df (test csv) .cache()

# Add elapsed times from holidays & promos, the data spanning training

& test datasets.
elapsed cols = ['Promo', 'StateHoliday', 'SchoolHoliday']

elapsed = add elapsed(train df.select('Date', 'Store', *elapsed cols)

.unionAll (test df.select ('Date', 'Store',
*elapsed cols)),
elapsed cols)
# Join with elapsed times.
train df = train df \
.Join (elapsed, ['Date', 'Store'l) \
.select (train df['*'], *[prefix + col for prefix in ['Before',

'After'] for col in elapsed cols])
test df = test df \
.Jjoin (elapsed, ['Date', 'Store']l) \

.select (test df['*'], *[prefix + col for prefix in ['Before',
'After'] for col in elapsed cols])
# Filter out zero sales.
train df = train df.filter(train df.Sales > 0)

print ('Prepared data frame')

print ('=s==================")

train df.show ()

categorical cols = [
'Store', 'State', 'DayOfWeek', 'Year', 'Month', 'Day', 'Week',



'CompetitionMonthsOpen', 'Promo2Weeks', 'StoreType',
'Assortment', 'PromoInterval', 'CompetitionOpenSinceYear',
'"Promo2SinceYear', 'Events', 'Promo',
'StateHoliday', 'SchoolHoliday'
]
continuous cols = |
'CompetitionDistance', 'Max TemperatureC', 'Mean TemperatureC',
'Min TemperatureC', 'Max Humidity',
'Mean Humidity', 'Min Humidity', 'Max Wind SpeedKm h',
'Mean Wind SpeedKm h', 'CloudCover', 'trend', 'trend de',
'BeforePromo', 'AfterPromo', 'AfterStateHoliday',
'BeforeStateHoliday', 'BeforeSchoolHoliday', 'AfterSchoolHoliday'

]

all cols = categorical cols + continuous cols

# Select features.

train df = train df.select(*(all cols + ['Sales', 'Date'])).cache()
test df = test df.select(*(all cols + ['Id', 'Date'])) .cache()

# Build vocabulary of categorical columns.
vocab = build vocabulary(train df.select (*categorical cols)

.unionAll (test df.select (*categorical cols)) .cache(),
categorical cols)
# Cast continuous columns to float & lookup categorical columns.

train df = cast columns(train df, continuous cols + ['Sales'])
train df = lookup columns(train df, vocab)

test df = cast columns(test df, continuous cols)

test df = lookup columns (test df, vocab)

# Split into training & validation.

# Test set is in 2015, use the same period in 2014 from the training

set as a validation set.
test min date = test df.agg(F.min(test df.Date)).collect () [0][0]
test max date = test df.agg(F.max(test df.Date)).collect() [0][0]
one year = datetime.timedelta (365)

train df = train df.withColumn('Validation',
(train df.Date > test min date -
one year) & (train df.Date <= test max date - one year))

# Determine max Sales number.
max sales = train df.agg(F.max(train df.Sales)).collect () [0][O]
# Convert Sales to log domain
train df = train df.withColumn('Sales', F.log(train df.Sales))

print ('Data frame with transformed columns')
prj_nt ( ! e | )

train df.show ()

print ('Data frame sizes')

39



40

train rows = train df.filter (~train df.Validation) .count ()
val rows = train df.filter(train df.Validation) .count ()
test rows = test df.count ()

print ('Training: %d' % train rows)
print ('Validation: %d' % val rows)
print ('Test: %d' % test rows)

# ============== {
# MODEL TRAINING #
# ============== §
print ('=s=============")

print ('Model training')
print ('==============")
def exp rmspe(y true, y pred):

"""Competition evaluation metric, expects logarithic inputs."""

pct = tf.square((tf.exp(y true) - tf.exp(y pred)) /
tf.exp(y true))

# Compute mean excluding stores with zero denominator.

x = tf.reduce sum(tf.where(y true > 0.001, pct,
tf.zeros like (pct)))

y = tf.reduce sum(tf.where(y true > 0.001, tf.ones like(pct),
tf.zeros like(pct)))

return tf.sqgrt(x / y)

def act sigmoid scaled(x):

"""Sigmoid scaled to logarithm of maximum sales scaled by 20%.

return tf.nn.sigmoid(x) * tf.math.log(max sales) * 1.2

CUSTOM OBJECTS = {'exp rmspe': exp rmspe,
'act sigmoid scaled': act sigmoid scaled}

# Disable GPUs when building the model to prevent memory leaks
if LooseVersion(tf. version ) >= LooseVersion('2.0.0"):

# See https://github.com/tensorflow/tensorflow/issues/33168

Os.environ['CUDA_VISIBLE_DEVICES'] = '-1"
else:

K.set session(tf.Session(config=tf.ConfigProto (device count={'GPU': 0})))

# Build the model.
inputs = {col: Input (shape=(1l,), name=col) for col in all cols}
embeddings = [Embedding(len(vocab[col]), 10, input length=1,
name='emb ' + col) (inputs[col])
for col in categorical cols]
continuous bn = Concatenate() ([Reshape((1, 1), name='reshape ' +
col) (inputs([col])

for col in continuous cols])

continuous bn = BatchNormalization () (continuous bn)
x = Concatenate () (embeddings + [continuous bn])
x = Flatten () (x)



x = Dense (1000, activation='relu',
kernel regularizer=tf.keras.regularizers.l12(0.00005)) (x)
x = Dense (1000, activation='relu',

kernel regularizer=tf.keras.regularizers.12(0.00005)) (x)
x = Dense (1000, activation='relu',
kernel regularizer=tf.keras.regularizers.12(0.00005)) (x)
x = Dense (500, activation='relu',
kernel regularizer=tf.keras.regularizers.l12(0.00005)) (x)
x = Dropout (0.5) (x)
output = Dense(l, activation=act sigmoid scaled) (x)
model = tf.keras.Model ([inputs[f] for f in all cols], output)
model . summary ()
opt = tf.keras.optimizers.Adam(lr=args.learning rate, epsilon=le-3)

# Checkpoint callback to specify options for the returned Keras model
ckpt callback = BestModelCheckpoint (monitor='val loss', mode='auto',

save freg='epoch')
# Horovod: run training.
store = Store.create(args.work dir)
backend = SparkBackend (num proc=args.num proc,
stdout=sys.stdout, stderr=sys.stderr,
prefix output with timestamp=True)
keras estimator = hvd.KerasEstimator (backend=backend,
store=store,
model=model,
optimizer=opt,
loss="'mae',
metrics=[exp rmspe],
custom objects=CUSTOM OBJECTS,
feature cols=all cols,
label cols=['Sales'],
validation='Validation',
batch size=args.batch size,
epochs=args.epochs,
verbose=2,

checkpoint callback=ckpt callback)
keras model =
keras estimator.fit (train df) .setOutputCols(['Sales output'])
history = keras model.getHistory ()
best val rmspe = min(history['val exp rmspe'])
print ('Best RMSPE: $f' % best val rmspe)
# Save the trained model.
keras model.save (args.local checkpoint file)

o

print ('Written checkpoint to %s' % args.local checkpoint file)

# FINAL PREDICTION #
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print ('Final prediction')

print ('=s===============")

pred df=keras model.transform(test df)

pred df.printSchema ()

pred df.show(5)

# Convert from log domain to real Sales numbers

pred df=pred df.withColumn('Sales pred', F.exp(pred df.Sales output))

submission df = pred df.select (pred df.Id.cast(T.IntegerType()),
pred df.Sales pred) .toPandas ()

submission df.sort values (by=['Id']).to csv(args.local submission csv,
index=False)

print ('Saved predictions to %s' % args.local submission csv)

spark.stop ()

3BEBHDRY Y T run _classification criteo spark.pye

import tempfile, string, random, os, uuid

import argparse, datetime, sys, shutil

import csv

import numpy as np

from sklearn.model selection import train test split

from tensorflow.keras.callbacks import EarlyStopping

from pyspark import SparkContext

from pyspark.sgl import SparkSession, SQLContext, Row, DataFrame
from pyspark.mllib import linalg as mllib linalg

from pyspark.mllib.linalg import SparseVector as mllibSparseVector
from pyspark.mllib.linalg import VectorUDT as mllibVectorUDT

from pyspark.mllib.linalg import Vector as mllibVector, Vectors as
mllibVectors

from pyspark.mllib.regression import LabeledPoint

from pyspark.mllib.classification import LogisticRegressionWithSGD
from pyspark.ml import linalg as ml linalg

from pyspark.ml.linalg import VectorUDT as mlVectorUDT

from pyspark.ml.linalg import SparseVector as mlSparseVector

from pyspark.ml.linalg import Vector as mlVector, Vectors as mlVectors
from pyspark.ml.classification import LogisticRegression

from pyspark.ml.feature import OneHotEncoder

from math import log

from math import exp # exp(-t) = e”-t

from operator import add

from pyspark.sqgl.functions import udf, split, 1lit

from pyspark.sqgl.functions import size, sum as sglsum

import pyspark.sqgl.functions as F
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import pyspark.sqgl.types as T
from pyspark.sqgl.types import ArrayType, StructType, StructField,
LongType, StringType, IntegerType, FloatType
from pyspark.sqgl.functions import explode, col, log, when
from collections import defaultdict
import pandas as pd
import pyspark.pandas as ps
from sklearn.metrics import log loss, roc auc score
from sklearn.model selection import train test split
from sklearn.preprocessing import LabelEncoder, MinMaxScaler
from deepctr.models import DeepFM
from deepctr.feature column import SparseFeat, DenseFeat,
get feature names
spark = SparkSession.builder \
.master ("yarn") \
.appName ("deep ctr classification") \
.config("spark.jars.packages", "io.github.ravwojdyla:spark-schema-
utils 2.12:0.1.0") \

.config("spark.executor.cores", "1") \
.config('spark.executor.memory', '5gb') \
.config('spark.executor.memoryOverhead', '1500") \
.config('spark.driver.memoryOverhead', '1500') \
.config("spark.sqgl.shuffle.partitions", "480") \
.config("spark.sqgl.execution.arrow.enabled", "true") \
.config("spark.driver.maxResultSize", "50gb") \
.getOrCreate ()

# spark.conf.set ("spark.sqgl.execution.arrow.enabled", "true") # deprecated

print ("Apache Spark version:")

print (spark.version)

sc = spark.sparkContext

sglContext = SQLContext (sc)

parser = argparse.ArgumentParser (description='Spark DCN CTR Prediction
Example',

formatter class=argparse.ArgumentDefaultsHelpFormatter)
parser.add argument ('--data-dir', default='file://' + os.getcwd(),
help='location of data on local filesystem (prefixed

with file://) or on HDFS')
def process input file(file name, sparse feat, dense feat):

# Need this preprocessing to turn Criteo raw file into CSV:

print ("START processing input file...")

# only convert the file ONCE

# sample = open(file name)

# sample = '\n'.join([str(x.replace('\n', '').replace('\t', ','")) for
X in sample])

# # Add header in data file and save as CSV
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# header = ','.join(str(x) for x in (['label'] + dense feat +
sparse_ feat))
# with open('/sparkdemo/tr-4570-data/ctr train.csv', mode='w',

encoding="utf-8") as f:
# f.write (header + '\n' + sample)
# f.close ()
# print ("Raw training file processed and saved as CSV: ", f.name)
raw df = sglContext.read.option("header", True).csv(file name)

raw df.show (5, False)

raw df.printSchema ()

# convert columns Il to I13 from string to integers

conv_df = raw df.select(col('label') .cast ("double"),

*(col (i) .cast ("float") .alias (i) for i in
raw df.columns if i in dense feat),
*(col(c) for c in raw df.columns if c¢ in

sparse feat))

print ("Schema of raw df with integer columns type changed:")

conv_df.printSchema ()

# result pdf = conv df.select ("*").toPandas ()

tmp df = conv _df.na.fill (0, dense feat)

result df = tmp df.na.fill('-1', sparse feat)

result df.show()

return result df
if name == " main ":

args = parser.parse_args ()

# Pandas read CSV

# data = pd.read csv('%s/criteo sample.txt' % args.data dir)

# print ("Obtained Pandas df.")

dense features = ['I' + str(i) for i1 in range(l, 14)]

sparse features = ['C' + str(i) for i in range(l, 27)]

# Spark read CSV

# process input file('$%s/train.txt' % args.data dir, sparse features,
dense features) # run only ONCE

spark df = process input file('%s/data.txt' % args.data dir,
sparse features, dense features) # sample data

# spark df = process input file('$s/ctr train.csv' % args.data dir,
sparse features, dense features)

print ("Obtained Spark df and filled in missing features.")

data = spark df

# Pandas

#data[sparse features] = datal[sparse features].fillna('-1', )
#data[dense features] = datal[dense features].fillna (0, )

target = ['label']

label npa = data.select ("label") .toPandas () .to numpy ()

print ("label numPy array has length = ", len(label npa)) # 45,840,617

w/ 11GB dataset



for

has

label npa.ravel ()
label npa.reshape (len(label npa), )
# 1.Label Encoding for sparse features,and do simple Transformation
dense features
print ("Before LabelEncoder () :")
data.printSchema () # label: float (nullable = true)
for feat in sparse features:
lbe = LabelEncoder ()
tmp pdf = data.select (feat) .toPandas () .to numpy ()
tmp ndarray = lbe.fit transform(tmp pdf)
print ("After LabelEncoder (), tmp ndarray[0] =", tmp ndarray([0])
# print ("Data tmp PDF after lbe transformation, the output ndarray
length = ", len(tmp ndarray)) # 45,840,617 for 11GB dataset
tmp ndarray.ravel ()
tmp ndarray.reshape (len (tmp ndarray), )
out ndarray = np.column stack([label npa, tmp ndarray])
pdf = pd.DataFrame (out ndarray, columns=['label',6 feat])
s _df = spark.createDataFrame (pdf)
s _df.printSchema () # label: double (nullable = true)
print ("Before joining data df with s df, s df example rows:")
s _df.show(l, False)
data = data.drop (feat).join(s_df, 'label').drop('label')
print ("After LabelEncoder (), data df example rows:")
data.show (1, False)
print ("Finished processing sparse features: ", feat)
print ("Data DF after label encoding: ")
data.show ()
data.printSchema ()
mms = MinMaxScaler (feature range=(0, 1))

# data[dense features] = mms.fit transform(datal[dense features]) # for
Pandas df
tmp pdf = data.select (dense features) .toPandas () .to numpy ()

tmp ndarray = mms.fit transform(tmp pdf)

tmp ndarray.ravel ()

tmp ndarray.reshape (len(tmp ndarray), len(tmp ndarray[0]))
out ndarray = np.column stack([label npa, tmp ndarray])

pdf = pd.DataFrame (out ndarray, columns=['label'] + dense features)
s _df = spark.createDataFrame (pdf)

s _df.printSchema ()

data.drop (*dense features).join(s df, 'label').drop('label')
print ("Finished processing dense features: ", dense features)
print ("Data DF after MinMaxScaler: ")

data.show ()

# 2.count #unique features for each sparse field,and record dense

feature field name
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fixlen feature columns = [SparseFeat (feat,

vocabulary size=data.select (feat) .distinct().count() + 1, embedding dim=4)
for i, feat in enumerate (sparse features)] +
\
[DenseFeat (feat, 1, ) for feat in

dense features]

dnn_ feature columns = fixlen feature columns

linear feature columns = fixlen feature columns

feature names = get feature names (linear feature columns +
dnn_ feature columns)

# 3.generate input data for model

# train, test = train test split(data.toPandas(), test size=0.2,
random state=2020) # Pandas; might hang for 11GB data

train, test = data.randomSplit (weights=[0.8, 0.2], seed=200)

print ("Training dataset size = ", train.count())

print ("Testing dataset size = ", test.count())

# Pandas:

# train model input = {name: train[name] for name in feature names}
# test model input = {name: test[name] for name in feature names}

# Spark DF:

train model input = {}

test model input = {}
for name in feature names:

if name.startswith('I"'):

tr pdf = train.select (name) .toPandas ()

train model input[name] = pd.to numeric (tr pdf[name])
ts pdf = test.select (name) .toPandas ()

test model input[name] = pd.to numeric(ts pdf[name])

# 4.Define Model, train,predict and evaluate

model = DeepFM(linear feature columns, dnn feature columns,
task="binary")

model.compile ("adam", "binary crossentropy",

metrics=['binary crossentropy'], )

lb pdf = train.select (target) .toPandas ()

history = model.fit(train model input,
pd.to numeric(lb pdf['label']) .values,

batch size=256, epochs=10, verbose=2,

validation split=0.2, )

pred ans = model.predict (test model input, batch size=256)

print ("test LogLoss",
round (log loss (pd.to numeric(test.select (target) .toPandas()) .values,
pred ans), 4))

print ("test AUC",
round (roc_auc_score (pd.to numeric (test.select (target) .toPandas()) .values,
pred ans), 4))
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