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4x double-wide or 8x single-wide GPU slots and 2x PCle /O slots
with 8x 2.5-inch or 4x 3.5-inch HS drives
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8x double-wide GPU slots with 6x EDSFF HS drives and 2x PCle I/O slots
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sync ; sudo /sbin/sysctl vm.drop caches=3

2. NUFR—URIUTRERITL. Y=NZAKL—Y (O—HILSSDR kL—) ENetApp AFF X kL
—JY XT7 LDImageNetT—2t v cEFERL X LT

3. ZFEALTHRY N I—2O—HIAML—ONTA—I VAR IELELdd AV RERFTLE
¥

4. V) /—RFRDOERFTTIF. ROAYVRFZFERLF LT

python train imagenet.py --gpus 0,1,2,3,4,5,6,7 --batch-size 408 --kv
-store horovod --1lr 10.5 --mom 0.9 --lr-step-epochs pow2 --lars-eta
0.001 --label-smoothing 0.1 --wd 5.0e-05 --warmup-epochs 2 --eval-period
4 --eval-offset 2 --optimizer sgdwfastlars --network resnet-vlb-stats-fl
--num-layers 50 --num-epochs 37 --accuracy-threshold 0.759 --seed 27081
-—-dtype floatl6 --disp-batches 20 --image-shape 4,224,224 --fuse-bn-relu

1 --fuse-bn-add-relu 1 --bn-group 1 --min-random-area 0.05 --max-random
-area 1.0 --conv-algo 1 --force-tensor-core 1 --input-layout NHWC --conv
-layout NHWC --batchnorm-layout NHWC --pooling-layout NHWC --batchnorm

-mom 0.9 --batchnorm-eps le-5 --data-train /data/train.rec --data-train

-idx /data/train.idx --data-val /data/val.rec --data-val-idx
/data/val.idx --dali-dont-use-mmap 0 --dali-hw-decoder-load 0 --dali
-prefetch-queue 5 --dali-nvjpeg-memory-padding 256 --input-batch
-multiplier 1 --dali- threads 6 --dali-cache-size 0 --dali-roi-decode 1
--dali-preallocate-width 5980 --dali-preallocate-height 6430 --dali-tmp
-buffer-hint 355568328 --dali-decoder-buffer-hint 1315942 --dali-crop
-buffer-hint 165581 --dali-normalize-buffer-hint 441549 --profile O
--e2e-cuda-graphs 0 --use-dali

S. FEWS VT NIA=EY—NDLEFTHEET I ZFERLE LT /—RFITEI2DD/NT A=Y =N
ZERAL. TRy IO 7L/ —FRITFEFEICICKRELE LTce CNIE 8L —Z2TTIRT
Ot AEOREZBFEMIMTONAVD. BLDHFE. TRYIDBNZLLBB1HTY, TRy IO
NEBBE. 2T/ —RT—REDBT —ADLBDECIHZEDHD T,

T—ROFHAMDEE | O—AILRA L —J8Ry b T—=T AL —2 DL

FAMDZEEIL. ZFEALTTXMLEL R ddImageNetT—2 Yy FOWSFIHDD T 7 ILISR LTIV
RERITLET, EFEMICIE. O—HILT—ReXY FIT—0F—2ICRLTROOAT Y REZRITLE LT

sync ; sudo /sbin/sysctl vm.drop caches=3dd if=/a400-100g/netapp-
ra/resnet/data/preprocessed data/train.rec of=/dev/null bs=512k
count=2048Results (average of 5 runs):

Local storage: 1.7 GB/s Network storage: 1.5 GB/s.
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ResNet50: Aggregate Images per second
(higher is better)
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* NetApp All Flash Arrays D& @ER—J T
"https://www.netapp.com/us/products/storage-systems/all-flash-array/aff-a-series.aspx"

* NetApp AFF A400DR—2T9
"https://docs.netapp.com/us-en/ontap-systems/a400/index.html"

* NetApp ONTAP 7 —&REEY 7 b Uz 7 OB @mBNR—
"http://www.netapp.com/us/products/data-management-software/ontap.aspx"

* MLPerf

"https://mlperf.org"

* TensorFlow R>FI—2

"https://github.com/tensorflow/benchmarks"

* NVIDIA SMI (NVIDIA - SMI)

"https://developer.nvidia.com/nvidia-system-management-interface"
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